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5197 3 thasiaaAnITaselan (WHO-UMC causality assessment catergories)

Causality term Assessment criteria® Comment

Certain e Event or laboratory test abnormality, with plausible time
relationship to drug intake

e Cannot be explained by disease or other drugs

e Response to withdrawal plausible (pharmacologically,
pathologically)

o Event definitive pharmacologically or phenomenologically
(i.e. an objective and specific medical disorder or a recognized
pharmacological phenomenon)

e Rechallenge satisfactory, if necessary

Probable /Likely e Event or laboratory test abnormality, with reasonable time
relationship to drug intake

o Unlikely to be attributed to disease or other drugs

e Response to withdrawal clinically reasonable

e Rechallenge not required

Possible e Event or laboratory test abnormality, with reasonable time
relationship to drug intake
e Could also be explained by disease or other drugs

e Information on drug withdrawal may be lacking or unclear

Unlikely e Event or laboratory test abnormality, with a time to drug intake

that makes a relationship improbable (but not impossible)

e Disease or other drugs provide plausible explanations

hWNIEL6): All points should be reasonably complied with.

v
9

MINT 4 IMUNBNUUzEUEIE Thai algorithm uastnawiasAamsamndialanvaseiszdiv na 3 Ay

P v v [
nleuaansnsany
Thai algorithm tnaiaedmMIaNglan
Certain/Probable (+) Possible/Unlikely (-)
Certain/Probable (+) 361 40
Possible/Unlikely (-) 120 79

M 5 MuTIenUiivsziiug Naranjo'’s algorithm waz tnawiasdanIsasialan 2avfussiiiv N3 3 Ay

filauaansnsanis
Naranjo’s algorithm tnawiasamsaunelan
Certain/Probable (+) Possible/Unlikely (-)
Certain/Probable(+) 363 39
Possible/Unlikely (-) 118 80
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Abstract: Evaluation of Thai Algorithm Usage for Adverse Drug Reaction Monitoring
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The WHO-UMC causality assessment criteria, the standard method for routine pharmacovigilance
(PV) was rarely used in Thailand in comparison with the Naranjo’s algorithm. There were some questions
that Naranjo’s algorithm is unable to comply with the current clinical practice and/or were interpreted
differently among observers. To address this problem, Thai algorithm was developed. This study aimed to
evaluate the validity and reliability of both the Thai algorithm and Naranjo’s algorithm for assessing a
possible causal link between a drug and an adverse event in routine PV practice using WHO-UMC
causality assessment criteria as the reference; as well as assessing the acceptability of the Thai algorithm.
Six hundred individual case safety reports (ICSRs) during 2012 were randomly sampling from 30
hospitals of Ministry of Public Health, stratified by 3 levels of hospital size. A hospital pharmacist with PV
qualification was selected to evaluate 200 reports (drug-event pair) collected from each level. Every
report was randomly assessed by 3 independent observers and 3 methods. Results expressed as certain/
probable probability scores were defined as positive result and assessed forvalidity and reliability using
sensitivity, specificity and Kappa statistics. The frequency was used for acceptability. A total of 600
ratings for each method were assessed. It was found that, comparing with the WHO-UMC methods, the
Thai algorithm’s agreements of positive result was achieved with 361 agreements, with a sensitivity of
75.1% and a specificity of 66.4%. The assessment using Naranjo’s algorithm was similar to Thai
algorithm, with 363 agreements of positive result, with a sensitivity of 75.5% and a specificity of 67.2%.
The inter—observer reliability of three observers was fair. Cohen’s kappa value of the WHO-UMC method,
Thai algorithm and Naranjo’s algorithm was 0.33, 0.22 and 0.21 respectively. In conclusion, the Thai
and Naranjo’s algorithms had similar sensitivity and specificity for assessing ICSRs in daily practice when
using the WHO-UMC causality assessment criteria as a reference. Majority of the respondents agreed to

use the Thai algorithm; and recommended to develop a software so as to make it more convenient to use.

Key words: Thai algorithm, Naranjo’s algorithm, WHO-UMC causality assessment, validity, reliability
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